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Abstract

While psychotherapy has been shown to be effective in treating depression, take-up
remains low. In a sample of 1,843 depressed individuals, we document that effectiveness
concerns are top-of-mind when respondents consider the value of therapy. We then show
that the average respondent underestimates the effectiveness of therapy. An information
treatment correcting this misperception increases participants’ incentivized willingness to
pay for a $320 therapy from $166 to $176. Our evidence suggests that while information
can influence therapy demand by altering beliefs and shifting attention, it may not
significantly increase demand unless substantial subsidies are provided.
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1 Introduction

Depression is estimated to affect more than 264 million people worldwide, making it one of

the primary causes of disability (Shorey et al., 2022; WHO, 2017) and a source of substan-

tial suffering. However, depression is not insurmountable and can be effectively treated

with psychotherapy, which aims to change dysfunctional beliefs, thoughts, and behaviors

(Cuijpers et al., 2015).1 In recent years, the availability of online therapy services has made

psychotherapy affordable to an ever increasing number of people, while achieving similar

mental health outcomes to in-person therapy (Lin et al., 2022). But despite robust evidence

for the effectiveness of psychotherapy and its greater availability, a large fraction of the

population suffering from mental illness still do not seek treatment (Cronin et al., 2023).

This paper brings causal evidence to bear on the question of whether misperceptions

about the effectiveness of psychotherapy act as a meaningful barrier to therapy take-up and

whether the provision of accurate information can help remove said barrier. There are at least

two reasons why it is far from obvious that an information intervention should affect the

demand for therapy. First, it is unclear whether considerations about effectiveness loom large

in depressed individuals’ decision to seek help. Second, the negative thinking patterns and

rigid cognition associated with depression (Everaert et al., 2018; Lefebvre, 1981; Liknaitzky et

al., 2017; Ridley et al., 2020) may stand in the way of individuals’ belief updating in the face

of accurate information about the effectiveness of therapy.

We conduct a pre-registered experiment with 1,843 Americans that suffer from depression

symptoms and are not currently undergoing therapy to examine whether low perceived

1Psychotherapy was used by close to 10 percent of US adults in 2019 (Terlizzi and Norris, 2020).
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effectiveness of therapy acts as a meaningful barrier to therapy demand. We measure

demand as respondents’ incentivized willingness to pay for online therapy and randomize

respondents into one of three conditions. In Pure control, respondents complete a willingness

to pay elicitation, without having received information or being prompted to think about the

effectiveness of therapy. In Info, respondents are asked for their prior estimates of effectiveness

and are then provided with research evidence on the effectiveness of psychotherapy. In

particular, respondents are truthfully told that, according to a study by Cuijpers et al. (2010),

22 out of 22 clinical studies with at least one hundred participants found that therapy is an

effective treatment for depression. In Flag, respondents are asked about their estimate of the

effectiveness of therapy before completing the willingness to pay elicitation.2 This condition

draws attention to effectiveness as a potentially decision-relevant dimension of the demand

decision without providing explicit information. Alongside a rich set of post-treatment beliefs,

we collect qualitative data on the considerations on top of respondents’ minds when deciding

on their willingness to pay for therapy.

We document several findings. First, our findings reveal that, alongside financial (67

percent) and time costs (21 percent), effectiveness emerges as the most frequently cited factor

(67 percent) when respondents assess their willingness to pay for therapy. Second, we find

that beliefs about the effectiveness of therapy are pessimistic, with participants, prior to

receiving information, underestimating both the number of studies that find support for the

effectiveness of therapy in Cuijpers et al. (2010) and the fraction of depressed individuals that

overcome depression with the help of therapy. Third, beliefs are malleable, with accurate

2Participants in Flag are also told that they will receive information about effectiveness at the end of the
survey.
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information increasing respondents’ beliefs about both the objective effectiveness of therapy

and about whether online therapy will work for them. Our fourth and main finding is

that making participants more optimistic about the effectiveness of therapy by means of

an information intervention increases their willingness to pay for therapy by $9.83 (t-test,

p = 0.031) relative to the Pure control, with a group mean of $166.24.

To investigate whether information affects willingness to pay by changing beliefs or by

drawing attention to effectiveness as a relevant consideration, we compare therapy demand

in Pure control with demand in Flag, which is designed to raise the salience of effectiveness

without correcting misperceptions. We find that willingness to pay for therapy is $4.28

(t-test, p = 0.34) higher among respondents in Flag. This effect size corresponds to about 40

percent of the effect of the information treatment and is not statistically significant. Next we

examine whether the effect of information over and above merely flagging effectiveness is

heterogeneous in pre-treatment beliefs about effectiveness. Consistent with beliefs playing an

important role, we find that the effect of information on therapy demand is driven by those

with more pessimistic pre-treatment beliefs. Taken together, our findings are consistent with

the effect of information being driven by both bringing attention to treatment effectiveness

and by shifting beliefs about effectiveness.

Because we elicit our participants’ willingness to pay for therapy, we can draw demand

curves for each of our treatments. These demand curves allow us to investigate the comple-

mentarity of subsidies and information interventions in improving therapy take-up. We find

that information campaigns only affect therapy demand when therapy is partially subsidized.

Calculating the marginal value of public funds then suggests that, under some assumptions,

information also only serves to raise welfare in combination with intermediate subsidies.
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Our paper contributes to an interdisciplinary literature that seeks to understand the

reasons behind the low take-up of mental health therapy. Using a structural model, Cronin

et al. (2023) document that many people who might benefit from therapy do not seek it and

that the financial and time costs of therapy can only account for a part of this treatment

gap. Survey respondents in Newson et al. (2021) cite concerns about therapy effectiveness

as an impediment to seeking treatment and respondents in Andrade et al. (2014) cite it as

a cause for dropping out of therapy. In a sample of depressed individuals in India, Bhat et

al. (2023) find that people underestimate the efficacy of psychotherapy and that exposure to

therapy causally decreases such pessimism. Our paper provides the first causal evidence that

pessimistic beliefs about the effectiveness of therapy result in lower demand for therapy.

While our qualitative elicitations reveal that no consideration looms larger than concerns

about effectiveness and costs in our respondents’ demand decisions, the previous literature

has highlighted other information frictions that may curb therapy demand. For example,

several studies have uncovered a negative correlation between perceived social stigma and

the demand for therapy (see Corrigan et al. 2006 for a review). Contrary to this, Roth et al.

(2024) show that higher perceived stigma can cause higher demand for therapy, likely due to

it resulting in a higher perceived need for therapy (Andrade et al., 2014). Gulliver et al. (2010)

highlight poor mental health literacy as an impediment to seeking therapy. This is confirmed

by Acampora et al. (2022), who show how an information intervention aimed at improving

mental health literacy increases demand for a mental health app among parts of their sample.

More generally, our findings relate to a burgeoning literature on the causes and conse-

quences of depression and mental illness in economics (Allcott et al., 2020; Angelucci and

Bennett, 2024; Banerjee et al., 2023; Biasi et al., 2021; McKelway et al., 2023; De Quidt and
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Haushofer, 2016; Ridley, 2023; Ridley et al., 2020; Shreekumar and Vautrey, 2022). Our results

suggest the presence of a depression trap: we find that pessimism about therapy effectiveness

keeps depressed individuals from seeking the help they need; at the same time, their depres-

sion may be the cause of them holding pessimistic beliefs about effectiveness in the first place

(Alloy and Ahrens, 1987; Bhat et al., 2023). While these forces may make it prohibitively hard

for individuals to become unstuck by themselves, we find that an information intervention

that increases the perceived effectiveness of therapy can lead to a meaningful increase in

therapy demand.

2 Data

The data collection for the main study was pre-registered on AsPredicted (#107190). We

pre-specified the sampling procedure, the main outcomes of interest and the main empirical

specifications (see Online Appendix D).3

2.1 Design

2.1.1 Structure

At the start of the survey we elicit a series of background characteristics and introduce the

Becker-DeGroot-Marschak (BDM) mechanism we use to elicit willingness to pay for therapy.

We then randomly assign respondents to one of three treatment groups. Respondents in

the Pure control group move straight to the elicitation of their willingness to pay for therapy.
3Our pre-registration outlines two additional treatments that we conducted at the same time with different

samples. This second experiment measures and debiases beliefs about the social stigma associated with
depression and is described in Roth et al. (2024) alongside two further experiments that explore stigma. The
two experiments outlined in the pre-registration share a control group.
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Respondents assigned to Flag are asked to state their beliefs about the effectiveness of therapy

in treating depression. Respondents in Info state their beliefs and then receive information

about research evidence on the actual effectiveness of therapy. Respondents in Info and

Flag then state their posterior beliefs about the effectiveness of therapy before stating their

willingness to pay for therapy. The structure of our design is summarized in Figure 1.

2.1.2 Becker-DeGroot-Marschak mechanism

After the initial background questions, we illustrate the BDM mechanism in the context of

a hypothetical willingness to pay elicitation for a 1-month spa membership, which did not

involve real stakes. We tell our respondents that we will ask them for the maximum amount

of money they would be willing to pay for the membership. They are further told that they

will not have to use their own money to buy the product and that after they stated their

valuation, the computer will randomly pick a dollar amount between 0 and 300. Moreover,

they learn that if this dollar amount is larger than their valuation, then the dollar amount will

be paid out to them, while otherwise they will receive the spa membership. We emphasize

that this rule means that it is in the respondent’s best interest to state the maximum amount

of money they would be willing to pay for the product. To ensure a high understanding of

our respondents we include a control question that respondents need to correctly answer.

The hypothetical willingness to pay for an example good we elicit here serves as a useful

control variable that can increase statistical power by controlling for idiosyncratic scale use

(Dizon-Ross and Jayachandran, 2022).
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2.1.3 Effectiveness beliefs

Pre-treatment beliefs Respondents in Flag and Info are told that researchers have conducted

many clinical studies to estimate the effectiveness of psychotherapy for treating depression.

They are then told about a comprehensive review that looked at the 22 studies with the largest

number of participants. Next, they are asked to estimate how many of these 22 studies show

that therapy is an effective treatment for depression.

Respondents are told that one of the questions in which they make quantitative estimates

will be randomly selected for payment. They are informed that if their answer in the selected

question is within 3 percent of the truth, they will receive a $0.50-dollar bonus.

Treatments Respondents in both Flag and Info are reminded of their quantitative beliefs

about effectiveness. Subsequently, only respondents in Info receive research evidence about

the effectiveness of therapy for treating depression (Cuijpers et al., 2010). They receive the

following instructions:

The review from Pim Cuijpers and co-authors shows that out of the 22 clinical

studies with at least a hundred participants, all 22 studies find that therapy is an

effective treatment for depression.

While respondents in Info are shown a chart contrasting their estimate with the true value,

respondents in Flag are shown a chart displaying their guess and are told that they will

receive information about effectiveness at the end of the survey. Given the finding of the

research study, the treatment should make all respondents weakly more optimistic about

therapy effectiveness.
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Post-treatment beliefs To assess whether the information treatment changed beliefs, we

elicit an incentivized quantitative belief about the effectiveness of therapy as a treatment for

depression among respondents in Flag and Info. We elicit this belief on a different quantitative

scale in order to mitigate anchoring and demand effects (Haaland et al., 2023). All respondents

are told that the largest of the 22 studies in the review included 818 participants that were

diagnosed with depression. We then ask them to estimate the percentage of study participants

assigned to take part in psychotherapy that recovered from depression.

To assess whether people extrapolate from beliefs about the general effectiveness of

therapy to beliefs about the effectiveness of online therapy for them personally, we ask

respondents to guess how likely it is that completing online therapy would be effective for

them in overcoming depression. This belief is measured on a 5-point scale ranging from (i)

very unlikely to (v) very likely.

2.1.4 Willingness to pay elicitation

Finally, respondents proceed to the elicitation of our main outcome of interest: willingness to

pay for a 4 week subscription to BetterHelp, one of the leading online therapy services in the

United States. Respondents are given details about the services offered by BetterHelp. They

are told that clients of BetterHelp can send audio, video, or text messages to their therapist at

any time and that they can schedule weekly live sessions (30 to 45 min) with their therapist

to communicate via phone, video, or live chat. To give people a sense of the value of the

service, we tell them that the service is normally priced at $320 for 4 weeks. We then ask our

respondents to state the maximum amount of dollars they are willing to spend on four weeks

of therapy from BetterHelp. Our respondents are further truthfully told that the choice of 10
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participants in this study will be implemented. Moreover, respondents are reminded about

the details of the BDM mechanism that makes this elicitation incentive compatible.

Pure control
N=615

Flag treatment
N=614

Info treatment
N=614

Welcome, consent, demographics, depression & attention screener

Continue for a bonus of 1.2 USD?

Explanation of WTP & spa WTP elicitation

Randomization into treatment groups

N=1,843

Prior e↵ectiveness beliefs Prior e↵ectiveness beliefs

Information about e↵ectiveness

Posterior e↵ectiveness beliefsPosterior e↵ectiveness beliefs

WTP for BetterHelp elicitation

Top of mind considerations and structured mechanism questions

Qualitative therapy-related questions

End

N=1,831

Figure 1: Experimental design

Notes: The study was advertised as a short survey, designed to end with the depression screeners. To subjects who passed both attention
and depression screeners, we gave the choice to continue participating in the extended study for an additional payment, which almost
everyone took up (only 2.9 percent of participants chose to not continue further). Attrition after randomization is also minimal, with only 12
out of 1843 participants dropping out.

2.1.5 Considerations on top of mind

To shed light on attentional mechanisms, we ask all respondents to write 2-3 sentences on the

considerations they have on their mind while deciding on their willingness to pay, broadly

following the methodology in Ericsson and Simon (1980).4

4On the subsequent page, we also ask respondents to select the considerations they had on their mind from a
list of 14 considerations. We devised this list of considerations based on pilot data.
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To analyze the unstructured text data, we instructed research assistants to assign the text

responses into multiple categories. Online Appendix Table A.3 provides an overview of all

categories, including an example response.

End-of-survey beliefs After our main outcomes, we elicit a series of additional beliefs and

attitudes among all respondents. First, we ask respondents an open-ended question about the

study purpose. We then elicit a series of beliefs related to respondents’ self-image, the social

cost of seeking therapy, and the perceived effectiveness of online therapy for the respondent

personally.

2.2 Sample

We recruited 1,843 US respondents using the online platform Prolific, a survey provider com-

monly used in social science research (Eyal et al., 2021). To qualify for our study, respondents

had to pass a standard attention screener. We further restricted our sample to only include

respondents that suffer from depression, according to the personal health questionnaire

(Kroenke et al., 2009),5 and have never tried therapy before.

Representativeness Table A.1 examines the representativeness of our sample. As a bench-

mark we leverage the National Health and Nutrition Examination Survey (NHANES), which

is a representative sample of the US population containing data on the PHQ8. We compare our

sample to NHANES using the same PHQ8 cutoff. While our survey matches the NHANES

in terms of the PHQ8, respondents in our sample are less likely to be female (56% vs 62%,

5The PHQ8 is a widely used scale to identify depression. We excluded respondents with a PHQ8 below 10.
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p = 0.03) and significantly younger (30 vs. 50, p < 0.01). These differences in observable

characteristics raise the question whether our results would generalize to more representative

samples of individuals suffering from depression.

Moreover, our sample consists of depressed individuals who have never participated

in therapy. Is it possible that these individuals have particularly pessimistic beliefs? To

shed light on this question, we conducted an additional pre-registered survey on Prolific

(AsPredicted, #189189). Our sample consists of 310 depressed individuals with and without

therapy experience. We find that therapy experience is not significantly associated with

effectiveness beliefs (see Online Appendix Table A.2).

3 Perceived Effectiveness and the Demand for Therapy

3.1 Which considerations are top of mind?

We begin by analyzing the considerations that are top of mind for respondents when they

decide on their willingness to pay.6 Online Appendix Figure A.1 displays the most commonly

mentioned categories by respondents from the Pure control condition, who were not primed on

effectiveness. Costs loom large on respondents’ minds: 67 percent mention financial costs, 21

percent mention time and 12 percent insurance.7 Next to these cost considerations, thoughts

about effectiveness loom very large in respondents’ minds: Approximately 67 percent of

respondents mention effectiveness. Moreover, a large fraction of these respondents mention

6Note that the framing of the decision context likely affects the measured considerations. For example, if we
asked respondents to consider why they haven’t been to therapy without asking the WTP question, respondents
might provide different responses that weigh costs more heavily.

7Approximately 47 percent of study participants report that their health insurance offers some coverage for
psychotherapy (see Online Appendix Table A.1).
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concerns about low effectiveness of therapy. The following response is representative of the

type of responses participants gave:

I thought about how much it could help me and how much of a difference it could

make. [...]

Other commonly mentioned considerations include in-person therapy (10 percent) and other

substitutes (8 percent). An explanation for not seeking therapy popular in the literature,

related to social concerns and stigma (Corrigan and Rüsch, 2002), is mentioned very rarely

(0.5 percent).8

Result 1. Whether or not therapy is effective in reducing depression symptoms looms large in the

self-reported considerations that inform respondents’ valuation of therapy.

3.2 How do respondents perceive therapy effectiveness?

To ease interpretation of our main results, we first examine pre-treatment beliefs about therapy

effectiveness. Panel A of Figure 2 shows that respondents on average estimate that the number

of studies showing therapy to be effective is 16.5 out of 22, compared to a true value of 22

out of 22. To assuage concerns that this underestimation result depends on this specific

measure which ruled out overestimation by design, Panel B of Figure 2 displays beliefs about

effectiveness with an alternative benchmark, the fraction of patients that overcame depression

through therapy in the largest study included in Cuijpers et al. (2010). The figure, again,

shows that respondents on average underestimate therapy effectiveness. Respondents in the

Flag treatment, who respond to this question without learning new information, estimate the
8This might arise from the special nature of social concerns, which may be harder to verbalize and are

commonly suppressed Smart and Wegner (1999).
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Figure 2: Distribution of effectiveness beliefs in Flag

Notes: Panel A reports the distribution of prior effectiveness beliefs that were measured by asking how many of the 22 studies in a
meta-analysis find significant positive effects of psychotherapy. Panel B reports the distribution of posterior effectiveness beliefs that were
measured by asking what fraction of participants in the largest study of the meta-analysis recover from depression in the treatment group.
These distributions refer to the 614 observations in the Flag treatment.

fraction to be 56.7 on average, much below the true number (77). Beliefs are widely dispersed

with 87 percent of respondents in Flag underestimating therapy effectiveness and 11 percent

of respondents overestimating effectiveness. Overall, these data highlight the potential of

information interventions to shift these beliefs.

We conducted an additional pre-registered survey on Prolific, with 310 depressed and 813

non-depressed individuals. We find that depressed individuals are slightly and significantly

more pessimistic about the effectiveness of psychotherapy than non-depressed individuals

(see Online Appendix Table A.2). In this sense, our participants’ beliefs exhibit the kind of

pessimism about therapy effectiveness that has been hypothesized to be symptomatic of

depression more generally (Beck et al., 1961).
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3.3 Did the research evidence shift beliefs?

Next, we turn to the effects of the information treatment on participants’ beliefs. Panel A

of Figure 3 shows that information about the high number of studies that find therapy is

effective increases respondents’ incentivized perceptions of therapy effectiveness. While

respondents in Flag estimate that, according to one such study, 56.7 percent of participants

receiving therapy manage to overcome depression, respondents in Info estimate this fraction

to be 74.6 percent. The latter is remarkably close to the 77 percent rate of recovery estimated

in the referenced study (Rahman et al., 2008), suggesting that the information treatment was

successful at debiasing beliefs.

Did the research evidence also change respondents’ beliefs about the effectiveness of

therapy for them personally? We find that Info increases respondents’ belief that online

therapy would be effective for them personally in overcoming depression by 0.18 of a

standard deviation (p < 0.01), compared to respondents from Flag. This effect is critical, as

beliefs about personal therapy effectiveness are plausibly the more decision-relevant beliefs

for seeking therapy.

Panel A of Figure 4 illustrates analogous patterns for a qualitative measure of perceived

effectiveness of online therapy elicited among all respondents at the end of the survey:

Respondents in Info are 0.31 standard deviations more optimistic about online therapy for

them personally compared to respondents in Pure control.9 Respondents in Flag are also

somewhat more optimistic about therapy effectiveness (0.13 standard deviations), suggesting

that merely asking respondents to think about effectiveness induces some moderate optimism.

9Analyses presented in Figure 4 were indicated in the pre-registration as exploratory.
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Taken together, our data show that beliefs about effectiveness are malleable and that the

information treatment significantly shifted respondents’ perceived effectiveness of therapy.

Result 2. Prior to receiving information, respondents are pessimistic about therapy effectiveness.

Research evidence then significantly increases respondents’ optimism about how effective therapy can

be in general and for them personally.

3.4 Did the information shift willingness to pay?

We now turn to the question of whether observed treatment effects on beliefs translate into

changes in the willingness to pay for therapy, by estimating the following equation:

Yi = a0 + a1Flag
i
+ a2Infoi + Xi + #i (1)

Flag
i

takes value 1 for respondents in Flag, and Infoi takes value 1 for respondents who

receive research evidence on effectiveness. The omitted category captures respondents in the

Pure control condition. As pre-specified, our regressions include as controls, Xi, all variables

that are elicited pre-treatment, including interest in therapy, PHQ8 score, age, gender, and

willingness to pay for the example good.

Panel B of Figure 3 presents the main finding of this paper. We see that information

about effectiveness significantly increases willingness to pay for therapy by $9.83 (p = 0.031)

relative to the Pure control group mean of $166.24. This corresponds to a moderate effect size

of 0.10 of a standard deviation.

Result 3. Research evidence on high therapy effectiveness increases the demand for online therapy.
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Panel B: Willingness to Pay

Figure 3: Treatment effects on posterior beliefs and willingness to pay

Notes: This figure presents predicted values derived from pre-registered regression analyses. Panel A focuses on post-treatment quantitative
beliefs in the effectiveness of psychotherapy (not elicited in Pure control); the control variables used in the regressions include age, gender,
the PHQ8 score, and an indicator for previous consideration of individual online therapy for depression. Panel B reports the willingness to
pay for BetterHelp; the control variables used in the regressions include age, gender, the PHQ8 score, willingness to pay for a month of spa
membership, an indicator for prior awareness of BetterHelp, and an indicator for previous consideration of individual online therapy for
depression. 95 percent confidence intervals and p-values are computed using robust standard errors from relevant regressions.

4 Mechanisms

This section examines the respective roles played by attention and belief movements in

shaping the observed effects. We then discuss the potential role of cross-learning about other

decision-relevant variables in driving the effects of the information intervention.

4.1 Attention versus beliefs

The Flag treatment. Recent evidence suggests that information treatments may affect

behavior not only by changing beliefs, but also by changing how people allocate their

attention across various decision-relevant dimensions (Conlon, 2023). To isolate the effect of

attention, we want to estimate the effect of the Flag condition.

Willingness to pay in Flag is at $170.5. It is thus $4.28 higher compared to respondents in Pure
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control (p = 0.34). This, in turn, suggests that directing people’s attention to effectiveness per

se does not cause a significant increase in people’s willingness to pay for therapy. Average

willingness to pay for therapy is approximately $5.50 larger in Info compared to Flag, but not

significantly so (p = 0.22). This effect is relatively small given the substantial differences in

effectiveness beliefs among respondents in Info and Flag. The small effect of effectiveness

perceptions on therapy demand might stem from financial constraints, social concerns or

alternative help-seeking options, which may dampen the impact of increased perceived

effectiveness. Taken together, our findings are consistent with the effect of information likely

being driven by both bringing attention to treatment effectiveness and by shifting beliefs

about effectiveness.

Heterogeneity by pre-treatment beliefs. To provide further evidence for the primacy of

belief movements in driving our main treatment effect, we examine the heterogeneity of

the treatment effect by pre-treatment beliefs about effectiveness. Here, we use data from

respondents in Flag and Info , the two conditions in which pre-treatment beliefs were elicited.

We estimate the following specification:

Yi = a0 + a1Infoi + a2beliefi + a3beliefi ⇥ Infoi + #i (2)

where beliefi is a measure of pre-treatment beliefs about effectiveness.

Figure A.3 depicts evidence of heterogeneous treatment effects by pre-treatment beliefs.

Panel A shows that the research evidence more strongly boosts incentivized beliefs about

therapy effectiveness among respondents with a more pessimistic prior. Panel B shows that,
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among respondents with below-median pre-treatment beliefs about therapy effectiveness,

we observe an increase in willingness to pay of $11.92 (p = 0.070), compared to only $0.09

(p = 0.988) among those with above median beliefs.

Online Appendix Table A.4 also shows that these patterns are robust to a specification

that interacts continuous pre-treatment beliefs about therapy effectiveness with the treatment

indicator: the interaction coefficient is negative and marginally significant both when the

outcome is the posterior belief (p = 0.035) and when it is willingness to pay (p = 0.082),

suggesting that the treatment effect is stronger for respondents with more pessimistic pre-

treatment beliefs about effectiveness.

Treatment effects on considerations Panel B of Figure 4 shows that the issues that re-

spondents pay attention to while deciding on their willingness to pay do not vary across

treatments. The figure features the top 6 most-cited considerations from the open-ended

data. Most importantly, the Info treatment does not significantly increase attention to therapy

effectiveness compared to Pure control and Flag.10

Taken together, the results in this section lead us to the following conclusion.

Result 4. The effect of the information treatment is likely driven by both bringing attention to

treatment effectiveness and by shifting beliefs about effectiveness.

10Our complementary survey question on structured considerations allows us to better understand the
surprising decrease in attention to effectiveness. In Info, subjects are significantly less likely than in Pure control

(p = 0.042) to report low effectiveness as a consideration that affected their willingness to pay decision.
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Figure 4: Treatment effects on mechanism outcomes

Notes: The dashed line denotes the Flag treatment. Panel A focuses on mechanism questions measured using 5-points Likert scales
after the measurement of willingness to pay for therapy; these include a qualitative posterior of effectiveness that we included for all
treatments—Therapy effectiveness for self. Panel B focuses on the Top 6 most cited considerations in open-ended considerations that were
top of mind for participants when formulating their willingness to pay for therapy. The control variables in the regressions include age,
gender, the PHQ8 score, and an indicator for previous consideration of individual online therapy for depression. For comparability of effect
sizes, all outcome variables in panel A are standardized by subtracting the mean and dividing by the standard deviation of the variable in
the overall sample. 95 percent confidence intervals are based on robust standard errors.

4.2 Cross-learning

One threat to the interpretation of the treatment effects arises from cross-learning i.e., the

possibility that respondents update beliefs about other aspects of their mental health, seeking

help, and psychotherapy. Panel A of Figure 4 provides evidence of a limited quantitative

importance of cross-learning. The information treatment does not change (i) how comfortable

respondents are with therapist interactions, (ii) how comfortable they are about sharing

they identity, (iii) how worried they are about others finding out about depression, (iv) how

worried people are about self-labeling as depressed, and (v) how painful it is to think about

mental health related issues. While the above null effects are not very precisely estimated, we

can rule out large cross-learning effects, suggesting that the information primarily operates

through changes in beliefs about and attention to therapy effectiveness.
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5 External validity

In this section we discuss several potential concerns about the external validity of our findings.

Substitution to in-person therapy. In our experiment, we provided respondents with

research evidence on the effectiveness of therapy in general, yet our outcome measure is the

willingness to pay for online therapy specifically. Although our post-treatment perception

measures show that individuals seem to generalize the perceived effectiveness of therapy

to online therapy, it is possible that the research evidence, which did not mention, but was

based on in-person therapy, could shift people from seeking online to in-person therapy. This

mechanism would work against us finding effects and would imply that the treatment effect

we observe is a lower bound. We think it is relatively unlikely that this mechanism plays a

meaningful role as the open-ended data on consideration shows that there is no differential

mention of the in-person therapy substitute across the different treatment arms (see Panel B

of Figure 4).

Does willingness to pay translate into actual help seeking? It is unclear whether increases

in willingness to pay translate into changes in actual therapy take-up. Evidence from a field

experiment in a related paper Roth et al. (2024), suggests that an increase in willingness to

pay for online group therapy is significantly positively associated with a higher likelihood of

signing up for and scheduling online group therapy. Several papers find willingness to pay

to be a valid predictor of actual good purchasing (e.g. Allcott and Taubinsky, 2015).
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Experimenter demand effects. While it is possible that the treatments systematically shape

respondents’ perceptions of our study’s purpose, there are several reasons suggesting that

experimenter demand is not a major threat to our results. First, the patterns of heterogeneity

by pre-treatment optimism about therapy effectiveness imply that one would have to invoke

heterogeneously occurring demand effects. Second, our main outcome measure of willingness

to pay involves real stakes, making demand effects less plausible. Third, participants in

experiments more generally tend to show only weak reactions to clear indications of the

experimenter’s expectations (de Quidt et al., 2018).

To further mitigate concerns, we leverage participants’ open-ended responses to the fol-

lowing question: “Please describe in a few words what you think the aim was of the research

conducted through this survey.” Online Appendix Figure A.4 reveals that approximately one

percent of respondents thought that we were interested in measuring the effect of effective-

ness perceptions or information on the demand for therapy. Excluding those respondents

leaves our main results unaltered.11

6 Welfare and policy implications

Because we elicit each participant’s willingness to pay for therapy, we can draw the demand

curves for our treatment and control conditions. This facilitates speaking about the policy

implications of our findings. We note that the demand curves may not be completely represen-

11In other studies that used a similar open-ended question to measure beliefs about the study purpose,
approximately 10 percent of respondents correctly guessed the hypothesis (Andre et al., 2023; Jäger et al., 2024;
Schwardmann et al., 2022). This suggests that the study purpose was relatively difficult to guess. Indeed,
most responses are more generic: 50 percent of respondents mention that the survey tried to measure people’s
valuation of therapy. 16 percent mention perceptions of online therapy, 15 percent mention opinions about
therapy, and close to 9 percent discuss determinants of therapy demand. 7 percent of respondents explicitly
indicate being unsure about the purpose.
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Figure 5: Willingness to Pay in the Pure control and Info conditions

Notes: A Kolmogorov-Smirnov test rejects the hypothesis that the two Willingness to Pay distributions are the same (p = 0.011).

tative. For example, Prolific participants tend to be less wealthy than the general population.

Moreover, we do not measure the demand for any depression therapy, but for the services

provided by BetterHelp in the presence of substitutes. Finally, the scale of our willingness to

pay elicitation, which ranges from zero to $30 above the market price of BetterHelp services,

is likely to underestimate the subjective utility benefits of demanding the service, because

participants may be reluctant to state a willingness to pay at the top end of the scale.

With these caveats in mind, we can use our demand curves to shed some light on the

effect of subsidies or (partial) insurance coverage of therapy services and their interaction

with our information treatment. Figure 5 shows that demand curves are downward sloping

everywhere and that any increase in subsidies would result in fairly constant marginal

increases in demand.

Comparing the demand curves of Pure control and Info we see that effectiveness informa-
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tion only affects therapy demand for intermediate prices, but not for fully subsidized services

or for services that charge market rate. Online Appendix Table B.2 makes this point explicit.

Information increases demand by 6.8 percentage points (t-test, p = 0.008) at a price of $150

and by 5.8 percentage points (t-test, p = 0.016) at a price at $100, but has at most a modest

effect at high or low prices. Information therefore complements therapy subsidies initially,

but its effect disappears for full subsidies.

In Online Appendix B we use our demand estimates and estimated treatment effects to

deliver a more formal analysis of the potential effects of subsidizing therapy or of providing

information about its effectiveness. Taking our elicited willingness to pay for therapy at face

value, we calculate the marginal value of public funds (Hendren and Sprung-Keyser, 2020) to

more comprehensively accounts for the costs and benefits associated with different policy

mixes.

A key benefit of a subsidy or an information campaign lies in correcting the internality

that stems from individuals underestimating the effectiveness of therapy. However, we also

consider that the take-up of therapy may be associated with a positive externality on an

individual’s employer or on their friends and family. Relatedly, we allow for the fact that

therapy and any subsequent decrease in depression may increase productivity and may

therefore result in more taxable income.

On the cost side we allow for the fact that information campaigns will be directed at many

individuals who do not react to them. In the case of subsidies, a misallocation can arise. The

higher a subsidy, the higher the share of individuals who buy therapy despite the social value

that their therapy take-up generates being below the cost of providing therapy.

We confirm that information campaigns generally produce the highest marginal value of
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public funds at intermediate subsidy levels. At the same time, the misallocation associated

with subsidies results in a marginal value of public funds that is decreasing in the size of the

subsidy, an effect that trumps the internality-correcting effect of intermediate subsidies.

7 Conclusion

Our experiment examines whether perceptions of therapy effectiveness impede help seeking.

We first establish that respondents significantly underestimate the effectiveness of therapy.

An information treatment correcting this misperception increases participants’ incentivized

willingness to pay for therapy from $166 to $176 for a therapy that costs $320. Thus, the

information is unlikely to affect demand in the absence of substantial subsidies. Information

likely affects therapy demand both by changing beliefs and by shifting attention.

The significant effect of information on willingness to pay for therapy we observe con-

trasts with a series of studies that document rather muted effects of information about the

effectiveness of goal-directed behaviors in other domains, ranging from climate-friendly

consumption to political participation (Gerber et al., 2020; Hager et al., 2024; Imai et al., 2022).

Future work might further fine-tune the exact content and delivery mode of information. For

example, we conjecture that qualitative and personal success stories may be even more potent

in persistently shifting beliefs about therapy effectiveness than statistical evidence (Graeber

et al., 2024). In addition, the source of information (e.g. people with prior therapy experience)

may matter crucially for shaping its impact (Alsan and Eichmeyer, 2023). However, it is

important to consider that the impact of information interventions may diminish over time

(Gerber et al., 2011; Hill et al., 2013), especially when presented numerically (Graeber et al.,
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2024). This raises the question of whether the information interventions we study may also

lack persistence, especially given the well-documented pessimistic beliefs associated with

depression.12

12Our main study also collected another measure of interest in therapy. A few days after the experiment
we sent participants direct messages inviting them to click-through to a survey in which they had a chance
to win one of two further BetterHelp vouchers. Roughly 16 percent of participants clicked through, with no
significant difference between treatments (F-test, p = 0.874). We worry that the low click-through rate was due
to participants not seeing or engaging with the direct message, a flaw in our design that could yield any analysis
of treatment differences woefully underpowered.
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